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SCIENTIFIC UPDATE

Palantir Technologies Inc.'s (“Palantir’) Palantir Gotham Platform configured with Foundry
("Foundry”) has long supported research efforts across the globe. Dozens of health-related abstracts,
posters, and manuscripts that used data and analytics in Foundry have been submitted by our
partners and accepted by leading peer-reviewed journals and conferences. Many of these
submissions were co-authored by Palantir personnel, who have deep scientific and technical
expertise. This document provides an overview of some of these most compelling scientific efforts,
while a more comprehensive list of publications can be found online.

Generating Person-Level Datasets for Public Q Palantir

Use While Protecting Privacy

Lee, Brian, et al. “Protecting Privacy and Transforming COVID-19 Case Surveillance Datasets
for Public Use.” Public Health Reports, June 2021, doi:10,1177/00333549211026817.

Multi-step transformation process to reduce the risk of re-identification

Public-use privacy CDC shared unrestricted
DCIPHER Analysis-ready protection pipeline data to Data.CDC.gov
case surveillance ~ epidemiological
pipeline dataset Scientific-use privacy CDC shared restricted
protection pipeline data to GitHub

“Enriched understanding of the available public data, the methods used to create these data, and
the algorithms used to protect the privacy of de-identified people allow for improved data use.
Automating data-generation procedures improves the volume and timeliness of sharing data.

* Excerpt from abstract
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OVERVIEW

CDC has collected person-level, de-identified COVID-19 data from jurisdictions (=8 million records)
into an epidemiology dataset using their DCIPHER system powered by Foundry. CDC employed a
seven-step process of privacy review using Foundry Contour, R, and Python to design and produce
two de-identified public use datasets: unrestricted data available to the public and restricted data,
with additional fields, available with a data-use agreement.

Copyright © 2022 Palantir Technologies Inc. and/or affiliates ("Palantir”). All rights reserved. The information in this
document is proprietary and provided for informational purposes only and shall not create a warranty of any kind. Any data
contained herein is notional.


https://palantir.com/offerings/federal-health/publications

H 1555 Blake Street, Suite 250
g Palantlr Denver, Colorado 80202

Model Development
“The data

integration platform Multivariate EHR data 10 characteristics
: logistic of 7.6M+ to estimate risk of

that the VA I.S regression VA COVID-19-

currently using can model enrollees related death

ingest all
necessary data
streams and
execute the model
in real time for all
current VA
enrollees."

Model Evaluation

63.5%
456% 41.1%

Est. Deaths Prevented

Development of a High-Performing
Risk-Based COVID-19 Vaccination
Allocation Model (COVIDVax) Model Execution

loannou GN, Green P, Fan VS, et al. Development of COVIDVax Model to Dashboards in Palantir backed by VA data streams
Estimate the Risk of SARS-CoV-2-Related Death Among 7.6 Million US Veterans could be executed in real time at point of care to
for Use in Vaccination Prioritization. JAMA Netw Open. 2021;4(4):€214347. :
doi:10.1001/jamanetworkopen.2021.4347 generate VA enrollee risk scores

COVIDVax Age CDC

OVERVIEW

The VA developed and internally validated a model in Foundry to predict SARS-CoV-2-related
mortality among all VA enrollees. The model could be used to prioritize persons for vaccination and
would potentially result in substantial reductions in mortality compared with the allocation strategies
currently proposed by the CDC-ACIP.
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Predicting Clinical Severity of COVID-19
Using Data From the National COVID Cohort

Collaborative (N3C)

Bennett TD, Moffitt RA, Hajagos JG, et al. "Clinical Characterization and Prediction of
Clinical Severity of SARS-CoV-2 Infection Among US Adults Using Data From the US
National COVID Cohort Collaborative." JAMA Netw Open, 2021;4(7):e2116901,

doi:10.1001/jamanetworkopen.2021.16901
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OVERVIEW

The N3C is a nationally representative, transparent, reproducible, harmonized data resource backed
by Foundry that enables effective and efficient collaborative observational COVID-19 research. This
study found that COVID-19 mortality decreased over time during 2020 and that patient demographic
characteristics and comorbidities were associated with higher clinical severity. The model developed
in this study may be a clinically useful, machine learning—based predictor of SARS-CoV-2 severity.
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